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Association Rule 108

Classification 75

Clustering 71

Knowledge Discovery 53

Decision Tree 49

Neural Network 43
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Data mining Data mining Classification Classification
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Knowledge Pattern Hierarchical
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iscovery classification clustering
Fuzzy set Machine Clustering Knowledge Genetic
=l learning algorithm discovery algorithm
Classification Neural network Genetic Decision tree Feature
algorithm selection
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Input : C (Set of Concepts)

Output : CH (Concept Hierarhcy)

Feature K means Pattern
Clustering ; neural network .
selection clustering recognition
Fuzzy Feature Machine Fuzzy decision
Hr classification
association rule extraction leaming ree
- Genetic Genetic Decision tree
Decision tree - Data clustering - -
algorithm algorithm classifier
Text Computational
algorithm classification Fuzzy c mean Fuzzy set complexity
Incremental Decision tree | Meural network Feature Lower bound
mining selection
iz =) H B o A = o] o] H
H 4 - FopH Fofoiyol HE T

E 5— ¥ H A FES 2% (AR : Association Rule,

CA : Classification, CL : Clusterlng, DM : Data Mining,

DS : Data Stream, DW : Datawarehouse, DT : Decision
Tree, FS : Feature Selection)

AR|CA|[CL|DM| DS |DW | DT | Fs
AR x | X | X | X | x| x| X

CAl x| x| x| x X | X
CLI x| X | X | x| X X | X
DM x | X | X | X | X | X | X | X
DS | x X | X | x

DW | x X X

DT | x | x | X | X X | X
FS X | X | X X | X
F 5% ® 49 Fopd Fopgdido] EZoRNE
TR ARtk wMAEE AT Y A4S
ZHAAL oW T EAF ol RAE Fenh dE
£, ¥ 40 A “3- 5 (Classification)’ 2} A =
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BuildConceptHierarchy(C)
{

A S433=55
A = ExtractAttribute(C);

IAE 253 AY
AscendingSort(A);

// attr : .J_/\-] =] 6‘1—%% o)
for (all attr in A)

o

291

I AT A attre] HREQFES o
M = MaximumSubset(attr, A);

if (attr- Umj=2)

continue;
else
{
A2 == A4
node = new node(attr);
attre] F-RE HojFEHgo=
AL w2 AR
node.parent = FindNode(M, CH);
I AGAZBAN == F7}
CH.AddNode(node);
}
return CH,;

s

ZT1- Yo ZHE =
(DM : Data Mining, AR : Association Rule, CL : Clustering,
FZ : Fuzzy Logic, KD : Knowledge Discovery, DW :
Datawarehouse, DS : Data Stream)

51 = 51 o) H
=0 SYHT 7

£43% £33%
1 {DM} 6 {DM, AR, DW}
2 {DM, AR} 7 {DM, CL, DS}
3 {DM, CL} 8 {DM, AR, CL}
4 {DM, FZ} 9 {DM, KD, FZ}
5 {DM, KD} 10 {DM, AR, FZ}
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CL, DS}o] HuFd¥s o M = {{DM,
CL}}ola attr - Um; = {DM, CL, DS} — {DM, CL} =
{DS}elt}. wetA 7 FAFFoR AYHE ==
= {DM, CL}E AAE == CLS HrRx==
ZvA "ok E3k 8 A attr = {DM, AR, CL}2]
HAYFRERES o M = {{DM, AR}, {DM,
CL}}oltt. attr - U = {DM, CL DS} - {DM, CL} =
2 Olﬂi 8 & Ht};“’ ==of Aol vk 1Y
3% 69 °Hal%% Zﬂ,oo}O% to] g m}o]d (Data
Mlnlng) Tors XS F 0 197 Fofd
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Mining
|

Pattern J Assomatlon “ Clusterlng J Fuzzy J Kno-,-,.ledgeJ

'rE

Recognition Rule Set Discovery
| DatawarehouseJ Data J| Classification J I\-‘Iachl_ne “ Sequential J
Stream Learning Pattern

———_

Text “ Feature “ Infornﬁ.ﬂon} Genetic J Neural J

Mining Selection Retrieval Algorithm Metwork
(" Support
‘ Vector Rough J Decision J
Machine Set Tree
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if ("IsExist(N, RDF))
{

Il w=9] R Rx-=E M

parent = FindParentNode(N);

/IRDF %3] == NS 7)<
RDF += RDFClass(N, subClassOf(parent));

Il == Noj A=
if (hasChild(N))

il
N
)
.
=
a2
rr
o,
o

12y A2 e gis A7eE
for (each ChildNode)

MakeRDF(ChildNode, RDF);

Input : N(Node in Concept Hierarchy)

Output : RDF(RDF Description)

MakeRDF(N, out RDF)

=7} RDFOl & & #] 22 75

<?xml version="1.0" encoding="euc-kr" ?=
<IDOCTYPE rdf:RDF (View Source for full doctype...)=
- <rdf:RDF xmins:rdfs="http://www.w3.0rg/2000/01/rdf-schema#"
smins:rdf="http:/ /www.w3.org/1999/02/22-rdf-syntax-ns#"
xml:base="http:/ /www.semanticweb.org/ontologies/2009/9/DataMining">
<rdfs:Class rdf:about="Data_Mining" /=

- «rdfs:Class rdf:about="Association_Rule">

<rdfs:subClassOf rdf:resource="#Data_Mining" />
<frdfs:Class>

- <rdfs:Class rdf:about="Pattern_Recognition"=
<rdfs:subClassOf rdf:resource="#Data_Mining" />

<frdfs:Class>

- <rdfs:Class rdf:about="Clustering">
<rdfs:subClassOf rdf:resource="#Data_Mining" />

</rdfs:Class>

- <rdfs:Class rdf:about="Fuzzy_Set">
<rdfs:subClassOf rdf:resource="#Data_Mining"

</rdfs:Class>

- «rdfs:Class rdf:about="Knowledge Discovery':>
<rdfs:subClassOf rdf:resource="#Data_Mining" />

</rdfs:Class>

- «rdfs:Class rdf:about="Datawarehouse":
«rdfs:subClassOf rdf:resource="#Association_Rule" /=

=frdfs:Class>

- «rdfs:Class rdf:about="Data_Stream">
<rdfs:subClassOf rdf:resource="#Clustering" />

=frdfs:Class>

- «rdfs:Class rdf:about="Classification">
<rdfs:subClassOf rdf:resource="#Clustering" />

<frdfs:Class»

- «rdfs:Class rdf:about="Machine_Learning">
<rdfs:subClassOf rdf:resource="#Clustering" />

<frdfs:Class»

- ardfs:Class rdf:about="Sequential_Pattern">
<rdfs:subClassOf rdf:resource="#Association_Rule" />
<rdfs:subClassOf rdf:resource="#Fuzzy_Set" />

=frdfs:Class>

- «rdfs:Class rdf:about="Text_Mining">
«rdfs:subClassOf rdf:resource="#Classification" /=
<rdfs:subClassOf rdf:resource="#Machine_Learning" /=
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